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representative indicator s of financial ratiosfor
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Abstract

There is a speculation of aforthcoming shortage of seafarersin the shipping industry,
specificaly for officers. What this research interested is whether such a shortage will in
fact occur by the time. We first begin with an analysis of the supply dimension followed by
estimates of seafarer demand. Then, we introduce the regional trends and divisions
between senior officers, junior officers and ratings. Finaly, this research tries to provide
some policy recommendations to decision makers for the reason to improve the
recruitment at the traditional shipping industry in Taiwan.

The developments in economic and commercial activities have restructured the
international seafaring labor force and altered the structure of seafarer employment.
Because of a considerable reduction in recruitment and retention, there has been a strict
decline in the number of seafarers coming from developed countries these years. The age
of seafarers coming from developed countries has also become older. So, it now lack of
adequate seafarers from developed countries, couple with a desire to reduce labor unit
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costs for shipping companies, there should be an increasing demand for seafarers from
developing countries around the world. Over the coming years we would expect to see a
larger number of senior officers from the developing countries to replace the aging
Taiwanese seafarers. But the shipping industry continues to prosper these years, developed
countries and Taiwan will face the problem of officer shortage in the mean time. Is it
means that the era of cheap seafarers providing has ended? Both shipping companies and
government need to deliberate seriously whether they should train more Taiwanese officers
in the near future to solve this shortage problem.

For evaluating financial performance of container shipping companies on Taiwan,
financial ratios would be clustered and then a representative indicator should be found
from each cluster as an evaluation criterion. Based on the concept, financia ratios of
container shipping companies are initially divided into four categories in this paper, and
measured them by the messages of balance sheet, income statement or cash flow. Then, we
utilize grey relation analysis to partition these financial ratios on each category into several
clusters. Grey relation analysis being one of famous clustering methods is often applied in
measuring the relation among the elements whose information is incomplete or unknown.
On Taiwan, the financial ratios of container shipping companies usually express in small
sample or short-term data bel onging to incomplete messages, thus grey relation analysisis
suitable for partitioning these financial ratios into several clusters. After clustering, the
relations between financial ratios within clusters are high, whereas inter-clusters are low.
Finally, representatives of financial ratios would be found form these clusters.
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